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Motivation

Percentage of employers using social media in the screening process
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Data for 2006-2018 - Careerbuilder (2018) surveys - “used social networking sites to research job candidates during the hiring process”
Data for 2020 - The Manifest survey (Mckeon 2020) - “social media is important when evaluating a job candidate”
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Research Questions

How does social media content affect the screening process?

• Unappealing information revealed on social media

• Indications of mental health issues

• Small resume refurbishments revealed through social media

• Lack of social media presence
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This Paper

• 1,500 evaluators - Amazon Mturk (general public)

• 500 evaluators - Prolific (experienced recruiters)

• Tailor-made online platform

• Rate randomly created job candidates

• Standard resume + information collected from social media

• Participants are not informed this is an experiment
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Preview of the findings

• Crucial effect of social media content on candidates’ rating

• Large negative effect of not having a social media profile
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Contribution

⇒ First paper to reveal the negative effect of lacking a social media profile

• Social media content can affect candidate job-market opportunities
Field - Acquisti and Fong (2020), Baert (2018a), and Manant, Pajak, and Soulié (2019)

Lab - Becton et al. (2019), Bohnert and Ross (2010), Tews, Stafford, and Kudler (2020), and Zhang et al. (2020)

• Assessment of candidates differs depending on the attributes of the evaluators
Carlsson and Rooth (2007), Edo, Jacquemet, and Yannelis (2019), Erlandsson (2019), and Oreopoulos (2011)

Novel methodology allows to study impacts of information -
⇒ Across the skills spectrum
⇒ Across a diverse range of evaluator characteristics
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Contribution

• Correspondence audit studies used to investigate labor market discrimination

Baert (2018b), Bertrand and Duflo (2017), Bertrand and Mullainathan (2004), and Neumark (2018)

⇒ Future studies should include social media profiles
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Participants
Recruitment of

Evaluators
Qualification
Screening

Job
Description

Rating of six
Candidates

Post
Questionnaire

• 2,000 US residents recruited

• Amazon Mechanical Turk - workers for small online tasks

• Prolific - research-oriented platform

• Only informed this is a long task (40 minutes)
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Qualification Screening

Recruitment of
Evaluators

Qualification
Screening

Job
Description

Rating of six
Candidates

Post
Questionnaire

English proficiency and concentration test

Amazon Mturk -
• 4,390 accessed

• 544 rejected by IP

• 537 gave up before attempting

• 931 failed - just clicked continue

• 740 failed - didn’t properly answer

• 1,638 passed, 1,500 completed

11 / 38



Qualification Screening

Recruitment of
Evaluators

Qualification
Screening

Job
Description

Rating of six
Candidates

Post
Questionnaire

Verification of recruitment
experience

Prolific -
• 3,200 - qualified for the first survey

• 1868 - completed the first survey

• 1176 - qualified for the task

• 500 - completed the evaluation task
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Job description
Recruitment of

Evaluators
Qualification
Screening

Job
Description

Rating of six
Candidates

Post
Questionnaire
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Evaluation Screen
Recruitment of

Evaluators
Qualification
Screening

Job
Description

Rating of six
Candidates

Post
Questionnaire
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Resume

Recruitment of
Evaluators

Qualification
Screening

Job
Description

Rating of six
Candidates

Post
Questionnaire

Randomly assigned -

• Experience

• Education

• Skills

• Interests
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Social Media content
Recruitment of

Evaluators
Qualification
Screening

Job
Description

Rating of six
Candidates

Post
Questionnaire

• Gender (random)

• Experience (as resume)
• Endorsements (random)

• Teamwork, Microsoft Office

• Hashtags (by treatment)
• #Blessed, #Nature

• Active groups (by treatment)
• Adele, The Simpsons, Rate my plate

• Automatic report (by treatment)
• Language, Interactions, Spelling Example
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Post task questionnaire
Recruitment of

Evaluators
Qualification
Screening

Job
Description

Rating of six
Candidates

Post
Questionnaire

• Personal characteristics
• Demographics
• Liberal vs. Conservative
• Social Media usage

• Opinions
• What is important for a candidate
• On social media use
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Treatments

• Unappealing

• Mental Health

• Gap

• Gap + Lie

• No Content
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Data

• Dependent variable - candidate rating (on a scale of 1 to 10)

• Candidate variables - experience, education, skills, interests, gender, order (of six),

LinkedIn endorsements.

• Evaluator characteristics - age, ethnicity, education, marital status, employment status,

political orientation, activity on social media.

• Evaluator opinions - toward social media, privacy, noticed things about candidates.

• Evaluator engagement - time reading instructions, clicks on a candidate, number of characters in notes,

time spent on each candidate.
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Evaluator engagement

2% viewed > 10
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22% notes had zero length
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Empirical framework

Ratingi = β0 + Tkiβk +Xiγ + εi

• Ratingi - score of candidate i
• Tk - treatment dummies (Mental Health, Gap, Gap+Lie, Bad SM, No SM)

• Xi - candidate characteristics (Experience, Education, Skills, Interests, Gender, Order,

Endorsements)

• εi - error term, clustered by evaluator
• βk’s - coefficients of interest - impact of SM content compared to baseline
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Covariates

Cand. Female

Order

Endorsements

CV Education

CV Experience

-1 0 1 2 3 4

General Public

Recruiters

28 / 38



Results

Bad SM

No SM

Mental Health

Gap+Lie

Gap

-3 -2.5 -2 -1.5 -1 -0.5 0

General Public

Recruiters

Balanced
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Mechanism
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Heterogeneity

• Some interaction between treatment effects and candidate characteristics

Gap Gap+Lie Mental Health No SM Bad SM

CV Experience 0.08 0.03 -0.27* 0.41*** -0.33**
CV Education 0.01 0.08 −0.12 0.28 0.03
Endorsements −0.16 −0.01 0.03 −0.01
Order 0.06 0.1 0.06 −0.24 −0.02
Cand. Female −0.04 −0.14 −0.15 0.22*

∗p<0.10; ∗∗p<0.05; ∗∗∗p<0.01.
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Heterogeneity

• Also, some interesting interactions with evaluator characteristics

Gap Gap+Lie Mental Health No SM Bad SM

Eval. Female −0.03 −0.13 −0.13 0.03 -0.56***
Age 0.09 0.17 −0.16 0.08 −0.16
Eval. ’Conservative’ −0.16 0.22 -0.36** 0.2 0.18
Active on SM 0.08 −0.03 0.27 -0.7*** 0.28

∗p<0.10; ∗∗p<0.05; ∗∗∗p<0.01.
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Robustness

Unappealing social media content has the largest effect on rating, while a gap in
employment years has the smallest effect

• Across candidates and evaluators characteristics Details

• Using Non-parametric Wilcoxon signed-rank test

• Using entropy balancing (Hainmueller 2012) Details
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Validity

• Strongly resembles a real-life recruitment task

• Real workers or experienced recruiters, high engagement

• General qualifications job

• Findings are robust to evaluator composition (only in the US)

• Findings hold for the general public and experienced recruiters

34 / 38



Table of Contents

1. Introduction

2. Experimental Design

3. Data

4. Results

5. Conclusion

35 / 38



Summary

• Social media content significantly affects job candidates’ evaluation

• Unappealing profile - negative effect, equivalent to 9 years of experience

• No profile - worst than employment gap or mental health problems

• No effect for small resume refurbishments revealed on social media
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Conclusion

• Job-seekers - be on social media (carefully)

• Employers - is this desired?

• Researchers - should include social media

• Policymakers - are current laws enforceable?
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Thank You
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Results comparable to US population
Using entropy balancing (Hainmueller 2012) on the general public sample.
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Example - social media screening services
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Example - social media screening services
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Effects are robust to candidate types
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Effects are robust to candidate types
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Effects are robust to evaluator types
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Evaluators Sample and the U.S.Population
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